
International Journal of Research in Science and Technology                                          http://www.ijrst.com 

 

(IJRST) 2020, Vol. No. 10, Issue No. I, Jan-Mar                                    e-ISSN: 2249-0604, p-ISSN: 2454-180X 

 

58 

INTERNATIONAL JOURNAL OF RESEARCH IN SCIENCE AND TECHNOLOGY 

DEVELOPING A SMART, INTEGRATED 

FRAMEWORK BY EMPLOYING DATA 

ANALYTICS TOOLS AND TECHNIQUES 

TO MITIGATE AND EFFECTIVELY 

MANAGE THE RISKS ASSOCIATED 

WITH FINTECH COMPANIES1 
Anika 

Birla Institute of Management Technology 

 

DOI: 10.37648/ijrst.v10i01.012 

 

Received: 14th January, 2020; Accepted: 07th March, 2020; Published: 29th March, 2020 

 

ABSTRACT 

The rapid integration of technology in fintech companies has significantly increased the risks in this sector. Data 

analytics, particularly in fraud detection, prevention, and risk management, has emerged as a crucial tool for 

addressing these risks, offering more accurate predictions of potential outcomes. The growing volume of data has 

led to a heightened awareness of the importance of risk management through d ata analytics. Research in this field 

is essential for helping companies understand the emergence of risk factors more effectively. However, applying 

data analytics to risk management in fintech companies presents several challenges, including data quality  and 

availability, lack of expertise, cybersecurity and data privacy issues, bias, and ethical concerns. Fintech 

companies must navigate these challenges while balancing the benefits of effective data analytics models. The 

necessity of collaboration with other companies, industry associations, and regulators becomes evident in the face 

of these challenges, as it can help fintech firms stay informed about the latest risks and best practices and identify 

potential threats early. This research paper provides a comprehensive overview of the role of data analytics in 

managing risks in fintech companies. It highlights the need for robust policies to ensure data management, 

transparency, and reliability. 

INTRODUCTION 

Over the past decade, research in Data Analytics 

within the Fintech industry has seen remarkable 

acceleration. Data Analytics is poised to play a 

pivotal role in Global Finance Management, Credit 

Scoring, and predicting bankruptcy trends. This 

paper delves into the critical insights and 
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http://doi.org/10.37648/ijrst.v10i01.012 

advancements in Data Analytics within the Fintech 

sector, which will be thoroughly explored in 

subsequent sections. The global financial market 

generates vast amounts of data, much of it 

unstructured. Analyzing this data allows companies 

to anticipate opportunities and threats, thus enabling 

better strategic decision-making. 
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The Fintech industry has become a crucial part of the 

global economy. Organizations at the forefront of 

digital transformation in risk management leverage 

data analytics to stay ahead. As digital businesses, 

these organizations are expected to experience rapid 

growth. To thrive in the digital era, companies must 

adopt new operational models and invest in 

automated tools and processes to harness their data's 

power effectively. 

Advanced data analytics tools facilitate the 

comprehension of massive datasets, providing 

insights into potential risks and opportunities. 

Artificial Intelligence (AI) enhances these tools, 

transforming raw data into actionable information. 

AI-driven analytics can identify risks and 

opportunities within an organization’s business 

model that might go unnoticed. Adopting machine 

learning and AI methods is a natural progression in 

managing internal and external risks, offering 

financial alerts about market stability, customer 

churn, fraud detection, compliance, data protection, 

and model risk reduction. 

AI also offers precise, real-time data reports on 

various business model risks. This capability is 

crucial for early incident detection and proactive risk 

management. Implementing AI-driven risk 

management systems can provide more accurate 

market, performance, and credit risk predictions. 

Modern risk management processes, powered by 

Data Analytics and AI, enable more precise risk 

measurement and prediction. Insights from 

conferences like the Data Analytics World 

Conference highlight how these technologies can 

mitigate risks for Fintech companies. By 

transforming raw data into actionable insights, AI 

can identify risks and opportunities that might be 

missed. This leads to better investment scenario 

planning by assessing the degree of associated risks. 

Moreover, Data Analytics can help reduce risks 

related to the theft of personal information, data 

phishing, and illegal data breaches by minimizing 

the need for personal data. Despite existing laws 

aimed at consumer and investor protection, 

inefficiencies in lending mechanisms persist, 

necessitating ongoing improvements. 

There is a pressing need to enhance competition in 

the Fintech industry and develop a robust data 

management framework that fosters innovation 

without economic stagnation. Data Analytics is 

crucial for transforming compliance directives into 

cutting-edge technologies. This research paper 

provides a framework for categorizing the literature 

on various Data Analytics use cases in fundamental 

risk management, highlighting areas where current 

applications are essential. 

LIMITATIONS OF EXISTING STUDY 

A. Data Quality 

Data quality is a critical factor in data analytics, and 

poor data quality presents a significant limitation. 

For instance, in fintech companies, data might be 

incomplete, such as missing customer information, 

making it challenging to conduct meaningful 

analysis. Data could also be inaccurate, like 

incorrect transaction records, leading to erroneous 

risk assessments. Furthermore, data could be 

unclean, with duplicate or inconsistent entries, 

further complicating data analysis efforts. 

Additionally, data availability can be limited, and a 

lack of standardization further complicates data 

analysis efforts. 

B. Lack of Standardization 

Fintech is a relatively new sector, and standardized 

risk management practices have not yet been 

established. This lack of standardization makes it 

difficult to compare different risk management 

strategies across various companies, hindering the 

ability to effectively assess and improve these 

strategies. 

C. Algorithmic Bias 

Algorithmic bias is another notable limitation in data 

analytics for risk management. Biases in the 

algorithms can lead to skewed results, favouring 

particular groups over others and resulting in 

inaccurate conclusions. This bias can undermine the 

reliability of the risk management processes, 

potentially leading to unfair treatment of certain 

customers, misallocation of resources, or even 

financial losses. 

D. Lack of Transparency 

Transparency issues arise when the methods and 

algorithms used in data analytics are opaque. This 

lack of transparency can make it difficult to 

understand how conclusions are reached, leading to 

scepticism and distrust in the results. The processes 
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must be clear and understandable to ensure 

confidence in the findings. 

RESEARCH OBJECTIVES 

1. To understand the role of data analytics in risk 

management. 

2. To analyze the applications, scenarios, and use 

cases of data analytics in risk management. 

RESEARCH QUESTIONS 

1. How can data processing automation be improved 

to reduce the risk associated with human error? 

2. How can current data strategies identify 

challenges in the risk management of fintech 

companies? 

3. What are the contemporary applications and use 

cases of data analytics in risk management for 

fintech companies? 

RESEARCH METHOD 

This research paper employs secondary data and 

utilizes a qualitative research method to practically 

explore the application and use cases of data 

analytics in fintech companies' risk management. 

Thematic analysis is conducted to interpret patterns 

and meanings in the data, synthesizing existing 

literature to identify historical trends and patterns 

that can be applied in practical scenarios. Data 

sources include research papers, solution provider 

websites, whitepapers, articles, and professional 

reports. The paper underscores the necessity of 

practical data analytics applications in fintech risk 

management, advocating for continuous refinement 

to collect more meaningful and accurate data over 

time. 

DISCUSSION AND ANALYSIS 

Data analytics can provide valuable insights into 

consumer behaviour and preferences and optimize 

marketing strategies. Companies face risks from 

internal factors (e.g., inefficient processes, lack of 

resources) and external factors (e.g., economic 

changes, political environment, regulations). 'Big 

data ', referring to large and complex data sets, helps 

combine internal and external data points to identify 

latent risks. Essential tools for handling big data 

include web scrapers, data ingestion tools, analytical 

platforms, and data management solutions. 

A. Financial Credit Risk Modeling using 

Analytics 

Advanced credit risk analytics help financial firms 

enhance underwriting decisions, manage errors, and 

reduce risk costs. By leveraging various credit risk 

models, companies can improve portfolio 

management, maximize profits, and mitigate losses. 

Analytics also aid in recognizing consumer 

behaviour shifts, handling large data volumes, and 

extending credit risk profiles without increasing 

overall risk. 

B. Stress-Testing and Balance-Sheet Analytics 

A robust stress-testing process connects operational 

processes to executive decision-making, moving 

beyond regulatory compliance to proactive 

management. The Federal Reserve's Comprehensive 

Capital Analysis and Review (CCAR) stress test 

ensures banks have sufficient capital to withstand 

economic downturns, examining capital plans and 

requirements. 

C. Operational Risk and Fraud Analytics using 

Model Validation 

Operational risk and compliance analytics, a specific 

application of data analytics in risk management, 

protect profit and loss statements and capital. 

Advanced analytics assist in resolving complex non-

financial risk challenges, validating models, and 

ensuring compliance with regulatory frameworks. 

D. Institutional-Investment Analytics 

Institutional investors benefit from portfolio risk and 

return analysis, asset and liability modelling, and 

improved asset allocation processes. Big data and 

machine learning enhance portfolio management, 

providing sophisticated insights and strategies for 

long-term investment success. 

E. Credit Risk Score Development 

Tools for developing credit risk scores, such as 

Experian's Application Scorecards, assist financial 

institutions in optimizing processes. For instance, a 

credit risk score could be used to determine the 

likelihood of a borrower defaulting on a loan, 

enabling accurate and consistent decision-making 

regarding credit approvals and collections, 

improving overall economic performance. 
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CONCLUSION 

This research paper aims to promote the 

development and growth of fintech by emphasizing 

the need for effective risk management strategies, 

which are the plans and actions taken to identify, 

assess, and mitigate risks. The fintech industry can 

minimise negative impacts while sustaining growth 

by developing appropriate risk management 

measures and fostering collaboration between 

academics, professionals, and regulators. Adopting 

AI-driven disaster risk management systems can 

further enhance real-time risk detection and 

intervention, although challenges remain in 

balancing risk exposure and accuracy. Overall, data-

driven risk management tools can significantly 

improve the risk management process, enabling 

fintech companies to seize opportunities and 

maintain a competitive edge. 
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